MapReduce 335 T A3 £ R A4 B8 1) o FETLAR AR v

WS, RS
(LR K% W AR 2ERE, VL% G 214122)

E: BXHMLSE MapReduce P15 T IBEALARAARSFVEAE AL B 22 SR AN B 580405 1o il 475 98 LA
LR E AR AR i RS T DB 7 RAER R SN, SCARSEH T —Fh MapReduce
PRI R AR HE 2 ST B ) e BEH LR MR SR (MR-RF-SHDSE) i SEAR 70 )2 KA
THEAESA I AT REA SR, JFLL HDDT tREERE A EE 27 2] &5 LIS 80dhs i B 45 732K
AR AT R AIEEM,  fJa T RS (Y GMean (EFIA G FEME, R R FIP AR Sl Shn
HEXT PSR BEAT P AR B I SR B0 UE B, ML ILABSEI%, MR-RF-SHDSE e A Ak 1
Xt 2 FE AT Btim SR 1) o SRHE A .

HEE:  MapReduce; FEMLARMR; 70 JZRKHE; HDDT SR EFFEERK

An Improved Random Forest Algorithm for Multi-Class Imbalanced

Data Problem Under Map Reduce

YAO Li, ZHANG Xi-huang
(School of IOT Engineering, Jiangnan University, Wuxi, 214122, China)

Abstract:  Because the traditional random forest algorithm under the MapReduce still takes the
global optimal point as the dividing point when dealing with the multi-class imbalance data
problem, ignoring the influence of the minority class on the classification accuracy rate, this paper
presents an improved random forest algorithm (MR-RF-SHDSE) for dealing with multi-class
imbalance data under MapReduce. This algorithm uses the stratified sampling method to sample
the samples in each category, and uses the HDDT decision tree as the learner to weaken the impact
of data bias on the classification accuracy. Finally, the GMean value and the disagreement
measure value of the decision tree are calculated, we use harmonic mean as a metric to select
decision trees. Experiments show that compared with other algorithms, MR-RF-SHDSE can
effectively improve the classification accuracy of multi-class imbalanced data sets.

Key words: mapreduce; random forest; stratified sampling; hellinger distance decision tree;
selective ensemble

YE&

PRSZ5, (1991-), MdtAHFRAR AT TT I e BRI . HLAS ¥ ) . E-mail: yl_jnu@126.com.
SKRIERAE TS, (1962-), 1L, AR BT MAMARRS. Bdaizi. Wi, BIES5E
G AL,



